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Abstract

Many electric utilities in the United States have replaced flat pricing schedules with increasing

block prices (IBPs) to decrease aggregate electricity use without imposing costs on low-income

households. Under IBPs, the price per kilowatt-hour increases as electricity use increases. It

is not clear, however, whether IBPs decrease aggregate energy use and protect low-income

households. I use monthly billing records and demographic data to estimate price elasticities

of energy demand by income. I use these elasticities to show that IBPs in California increase

total electricity use relative to a revenue-neutral flat price. Finally, I find that IBPs decrease

electricity bills for low-income households.
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1 Introduction

An increasingly common pricing schedule in the United States is increasing block pricing (IBP).

IBPs are similar to increasing marginal tax rates: marginal electricity prices increase with electricity

use. Electricity prices under IBPs are step functions where high-use households pay high electricity

prices and low-use households pay low electricity prices. California introduced the United States’

first IBPs in the 1980s with two goals (1) decrease total electricity use and (2) protect low-income

households from increasing electricity bills.

In this paper, I ask whether IBPs meet those dual goals of decreasing total electricity use

and helping low-income households. The outcome of the first goal, decreasing electricity use, is

theoretically ambiguous. States often regulate utilities’ returns, meaning that if a utility changes

its pricing schedule, the total revenue earned by both pricing schedules should be the same. The

utility cannot raise rates for all consumers. As a result, when a utility changes from a flat electricity

price per kWh to an IBP, some households experience a decrease in their electricity price while

others experience an increase. It is an open empirical question whether decreases in electricity use

by high-use households experiencing higher prices are o↵set by increases in electricity use by the

low-use households experiencing lower prices.

The change in total electricity use following the introduction of IBPs depends on three char-

acteristics of the utility and the customers it serves. First, the change depends on the relative

price elasticities of electricity demand of households along the pricing schedule. If the households

experiencing price decreases are relatively more elastic than the households experiencing increases,

total electricity use would increase.

Second, whether IBPs decrease total electricity use depends on the distribution of households

across the IBP. If there are more households on the lower tiers of the IBP experiencing price

decreases, IBPs are more likely to increase total electricity use. Of course, that distribution also

depends on the characteristics of the IBP such as where the prices increase and what those prices

are.

Third, a central issue for all nonlinear prices is whether households respond to marginal or

average prices. This problem is particularly relevant for electricity because consumers may not know

their electricity price. High marginal prices send a strong signal for conservation only if households
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actually respond to those prices. Average prices send a weaker signal for conservation because

average prices are less than or equal to marginal prices. Recent evidence finds that households

respond to average prices rather than marginal prices (Ito 2014; Wichman 2014).

To answer whether IBPs decrease total electricity use, I examine all three aforementioned char-

acteristics for two California utilities using two data sources. The first is the Residential Appliance

Saturation Study (RASS) from 2003 and 2009, which contains monthly household electricity use

and detailed demographic data for a sample 46,490 households. The second, which I compiled,

contains historical electricity prices for two major public utilities in California, Pacific Gas and

Electric (PG&E) and San Diego Gas and Electric (SDG&E).

The detailed electricity and demographic data from the RASS allow me to estimate price elas-

ticities that vary by income for both marginal and average price response assumptions. Price

elasticities that vary by income capture heterogeneity in household price sensitivity important to

determining whether IBPs increase or decrease total electricity use. In addition, elasticity estimates

by marginal and average price yield a range for the e↵ect of IBPs on total electricity use.

A main challenge in my analysis is that electricity use endogenously determines electricity prices

for two fundamental reasons. The first is the common simultaneity problem: the equilibrium of

electricity supply and demand yields the electricity price and quantity. When, or where, electricity

demand is high, utility companies charge high prices. The second simultaneity problem results from

the IBPs themselves: per-unit electricity prices increase with electricity use. A simple ordinary least

squares regression of electricity price on electricity use would show a positive correlation between

the two, the opposite of what standard consumer demand theory predicts.

To address these endogeneity problems and estimate price elasticities by income, I combine

cross-sectional and temporal variation in electricity prices in an instrumental variables approach.

Utility companies occasionally update their electricity prices, driving temporal variation. Utility

companies also charge geographically di↵erentiated electricity prices within their territories, driving

cross-sectional variation. To estimate elasticities I limit the sample geographically to households

living close to pricing zone borders. While geographic discontinuities in energy policies have been

used before to estimate policy outcomes, such as energy savings from building codes, this paper is

the first to use within-utility di↵erences in electricity prices to estimate price elasticities of electricity

2



demand.1

This instrument, known as a simulated instrument in the taxation literature, predicts a house-

hold’s current electricity price based on historical electricity use (Auten and Carroll 1999). The

resulting elasticity estimates show that high-income households are more price elastic than low-

income households. I estimate these elasticities under both marginal and average price response

assumptions to bound the e↵ect of IBPs on total electricity use. For example, if households respond

to marginal price, elasticities range from -0.100 for poor households with incomes less than $49,999

to -0.427 for wealthy households with incomes greater than $150,000. If households respond to av-

erage price, price elasticities of demand range from -0.143 for poor households to -0.362 for wealthy

households.2

I use the elasticity estimates to answer this paper’s central question, whether IBPs decrease total

electricity demand. Both of the utilities in the sample charge households IBPs for their electricity.

I take those existing IBPs as given and simulate electricity use under an alternative revenue flat

price that raises the same revenue as the existing IBP. That counterfactual electricity use allows me

to compare total electricity demand under IBPs with total electricity demand under the alternative

pricing schedule.

The outcome depends on whether households respond to marginal prices, which may not be

salient, or average prices, which ratepayers can intuit from their end-of-month electricity bills. If

households respond to marginal prices, IBPs would have decreased total electricity consumption

by 4.12 percent relative to a revenue-neutral flat price. That finding meets the IBP policy goal of

reducing electricity use. If instead households respond to average price, the results show that IBPs

would have increased total electricity consumption by 0.38 percent relative to a revenue-neutral

flat price. In both cases, lower-use households experience a price decrease and use more electricity.

But in the case of average-price response, even some of the higher-use households, the ones just

above the threshold for the rate increase, misperceive their electricity prices to be lower under the

flat price and consume more electricity. If consumers respond to average price, IBPs are ine↵ective

at decreasing total electricity demand.

1. See Levinson (2016) and Bruegge, Deryugina, and Myers (2019) for further discussion.
2. Au↵hammer and Rubin (2018) estimates price elasticities of natural gas demand that vary by season and

by income. That paper finds that households are price inelastic during the summer months but that low-income
households, defined by their CARE status, are more price elastic than high-income households in the winter months.
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One advantage of these data is that I have demographic information that allows me to estimate

elasticities of demand by household income. However, the disadvantage of using the survey with

detailed demographic data is that the sample size is small. As a result, not all of the elasticity

estimates by income are statistically distinguishable from each other. For this reason, I include

robustness tests for the change in electricity demand using the upper and lower confidence interval

for each elasticity estimate. In addition, I complete the same analysis using only the average

elasticity estimate for the full sample. Both of these tests show the same qualitative results:

electricity use increases under IBPs relative to flat prices if households respond to average prices.

The result that California’s IPBs increase electricity consumption if households respond to aver-

age price does not hinge on the particular elasticities estimated here. I run the same experiment—

comparing actual electricity demand with IBPs to predicted demand with flat prices—using elastic-

ities calculated by previous researchers (Ito 2014; Reiss and White 2005). Using either alternative

set of elasticities, I find similar results. IBPs increase electricity use if customers respond to end-

of-month average electricity prices.

After determining that IBPs are unlikely to meet their goal of decreasing total electricity use,

I assess whether IBPs achieve the second goal of protecting low-income households from high

electricity bills. The answer to this question depends on two features of the relationship between

income and electricity.

The first is the correlation between income and electricity use. Utilities that use IBPs to target

low-income households implicitly assume these households use less electricity, which may not be

the case. The detailed survey data in the RASS allow me to assess the relationship between

income and electricity use while taking into account other household characteristics, like appliance

ownership and weather. There is a small positive correlation between income and electricity use of

0.093 conditional on appliance ownership, weather, and other household characteristics. This small

correlation suggests that electricity use is a poor proxy for income, some low-income households

are high-electricity users and vice versa. Therefore, IBPs may not be an e↵ective tool for helping

low-income households.

The second is the presence of existing programs to provide bill assistance to low-income house-

holds. In California, a program called California Alternate Rates for Energy (CARE) provides

per-kWh discounts on electricity prices to low-income households. Low-income programs directly
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target income while IBPs can only target electricity use and may therefore be more e↵ective at

helping low-income households. I simulate electricity bills under an alternative revenue-neutral flat

pricing regime with a special low-income discount rate to evaluate whether, and if so, how much

IBPs help low-income households. IBPs with CARE save the median low-income household an

additional $6.25 per month, or 11.94 percent, on their electricity bills relative to flat prices with

low-income rates.

For the final analysis, I calculate changes in welfare from using IBPs rather than flat prices

assuming that households respond to marginal electricity prices. IBPs distort electricity prices.

Di↵erent households pay di↵erent electricity prices that do not reflect di↵erences in the cost of

provision. IBPs generate deadweight loss relative to flat prices because of this distortion. In addi-

tion, California’s electricity prices are higher than the social marginal cost of electricity generation

(Borenstein and Bushnell 2018). Using IBPs instead of a revenue-neutral flat price generates $0.64

of deadweight loss on average per month per household. Using IBPs instead of a flat price equal

to California’s social marginal cost of electricity generates $3.85 of deadweight loss on average per

month per household.

This paper makes several contributions. First, this is the only paper to estimate price elastic-

ities of electricity by income assuming that households respond to average price. Previous papers

have estimated elasticities by income assuming that households respond to marginal prices by us-

ing annual survey data with income and predicting monthly electricity use,3 or by using monthly

electricity data and predicting income based on the household’s location.4 The RASS data con-

tain both monthly electricity use and income, mitigating any concerns over measurement error in

predicting either electricity use or income.

Second, this paper demonstrates that IBPs increase total electricity consumption if households

respond to average price. Almost 1,300 utilities in the U.S. use IBPs and China switched to IBPs

in 2012, demonstrating that IBPs are common both in the U.S. and around the world (Levinson

and Silva 2018; Zhang, Cai, and Feng 2017). These results suggest that utility regulators must

understand the households they serve in order to avoid the unintended consequence of increased

electricity use. Third, the novel identification strategy used in exploiting within utility pricing

3. Alberini, Gans, and Velez-Lopez (2011); Reiss and White (2005)
4. Borenstein (2012b)
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borders has not been used in the past to estimate price elasticities of electricity demand. This

intrautility strategy could be more widely applied to estimate the e↵ects of other energy policies.

Fourth, this paper finds that IBPs do slightly decrease electricity bills for low-income households.

Three other papers ask this question. The first, Borenstein (2012b), uses monthly electricity use

and predicted income data to show IBPs do some redistribution but CARE is a more e�cient

program for redistribution. However, that paper estimates household income from census block

income data rather than measuring it directly. The second, Borenstein and Davis (2012) uses

data from the Residential Energy Consumption Survey and the RASS to show that the correlation

between natural gas use and income is only weakly positive. The third, Levinson and Silva (2018)

estimate an “electric Gini.” The electric Gini measures how redistributive electricity prices are,

finding that utilities with more unequal income distributions have more progressive electricity

prices. Their paper, however, does not have detailed electricity use data for the households served

by the utilities in their sample.

2 Empirical Setting

2.1 California’s IBPs and Data

This study focuses on households served by two of the three major investor-owned utilities in

California: San Diego Gas and Electric (SDG&E) and Pacific Gas and Electric (PG&E). SDG&E

and PG&E are two of the largest utilities in the United States. In 2003, one of the years in this

study, SDG&E served 1.1 million households and PG&E served 4.3 million households.

Each household’s electricity price depends on the month, the location, and how much electricity

it consumes. Each location-specific IBP has a di↵erent kWh threshold for the first tier, called a

“baseline,” and subsequent rate increases occur at 130 percent, 200 percent, and 300 percent of

that baseline. The baseline is set by historical average monthly electricity use by households within

region with the same climate, known as a climate zone.5

Figure 1 depicts an example for June 2009 for PG&E’s climate zone T. This IBP has five tiers,

ranging from 11 to 44 cents per kWh. The height of each tier represents the price per kWh a

5. The California Public Utilities Commission (CPUC), together with the utility companies, determines these
climate zones.
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household pays; these are the same within a utility. The width of each tier depends on the baseline

Tier 1 threshold at which prices increase; these vary within a utility. In the example in Figure 1,

the baseline allocation is 253 kWh. Households pay 11 cents per kWh for electricity use up to 253

kWh (the baseline), 13 cents from 253 up to 329 kWh (130 percent of 253), 26 cents from 329 up

to 506 kWh (200 percent of 253), 38 cents from 506 up to 759 (300 percent of 253), and 44 cents

above 759 kWh.

Figure 1 also shows the average price the household pays as a function of its electricity con-

sumption, represented by the dashed line. The average price is the same as the IBP for the first

tier, and then increases more slowly than the IBP for higher tiers. For example, a household using

436 kWh per month, which was average electricity use in PG&E Zone T in June 2009, would pay

26 cents for the 437th kWh. The average price across all 437 kWh would be 15.3 cents per kWh.

The total monthly electricity bill would be $66.91.

More generally, each utility has a set of tiered rates. Figure 2 shows the five tiers from 2001

to 2009 for SDG&E. Figure 3 does the same for PG&E. Each utility has multiple climate zones

with di↵erent baseline electricity allocations, determining where the prices jump from one tier to

the next. SDG&E has 4 zones (Figure 4) and PG&E has 10 (Figure 5). Figures 6 and 7 show

those baseline allocations for each climate zone in SDG&E and PG&E, respectively. Baselines are

generally lower in coastal regions and higher in inland regions.6

Table 1 shows electricity prices and bills in my sample in 2003 and 2009. These averages

represent the average across climate zones for tiered prices. In 2003 and 2009, the average Tier 1

rate was 11 cents per kWh. From 2003 to 2009, the average Tier 5 rate increased from 21 to 32

cents per kWh. Household electricity bills, taking the average across all households in the sample,

were around $80 in 2003 and $103 in 2009. Both electricity prices and electricity bills increased

from 2003 to 2009.

Most California households face price structures like the one in Figure 1. The main exceptions

are households in the California Alternate Rates for Energy (CARE) program. CARE o↵ers low-

income households 25 to 30 percent discounts on their electricity prices. In all empirical estimates in

this study, I account for household CARE eligibility based on income thresholds. Around 1.4 million

6. This di↵erence reflects the fact that baselines are set so households in di↵erent climate zones pay roughly the
same amount for electricity. Households living farther inland experience warmer weather and therefore use more
electricity on average as a result of air conditioner use.
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PG&E customers were eligible for CARE in 2015.7 CARE prices are lower than IBP rates and have

two tiers rather than the standard five. In PG&E in June 2009, for example, CARE households

paid 8 cents per kWh up to the baseline allocation and 10 cents per kWh for all electricity use

above the baseline allocation.

2.2 Household Electricity Use Data

Household electricity data come from the RASS. The RASS, funded by the California Energy

Commission, surveyed the electricity use of a representative sample of California households in 2003

and 2009. The survey contains information on household demographics, physical characteristics

of the house, monthly electricity use, and monthly gas use for an average of 16 months for each

household in each survey round. Across both surveys, the sample consists of 46,490 households

and of those, 18,231 are served by SDG&E or PG&E and therefore are part of this study.8 Utility

companies then match and verify the household electricity consumption data.

I focus on single-family homes and exclude the top and bottom 1 percent of electricity users

and households with missing data for income or the years their homes were built. The final data

set includes 11,622 households and 189,960 monthly electricity use observations.9

Each household can be matched to its monthly IBP using the household’s climate zone desig-

nation. I use the household-specific electricity consumption data combined with location-specific

electricity prices to calculate total monthly bills, marginal electricity prices, and average electricity

prices for each household for each month. This combined data set contains not only monthly elec-

tricity use, which is standard in the literature, but also detailed demographic information. That

detailed information is key to determining whether IBPs meet their goals of conserving electricity

and helping low-income households.10

The average household in the sample used 582 kWh per month in 2003 and 618 kWh per month

7. Source: https://www.pge.com/en/about/newsroom/newsdetails/index.page?title=20151012_thousands_
of_energy_customers_could_receive_more_than_30_percent_in_energy_savings_through_pge_care_program
(accessed February 20, 2018).

8. The RASS also surveys households living in the Southern California Edison and Los Angeles Department of
Water and Power utility service territories. However, I was not able to obtain accurate historical pricing data for
either of these utilities and drop these households from the sample.

9. For a more detailed description of the data see Appendix A.1.
10. Many studies use utility-level panel data: see Ito (2014), Borenstein (2009), and Wichman (2017). Similarly,

surveys that contain detailed demographic information do not report monthly electricity use. See Reiss and White
(2005) and Alberini, Gans, and Velez-Lopez (2011).
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in 2009. The houses are, on average, 1,900 square feet and 35 years old. Table 2 shows additional

descriptive statistics for the households in the sample.11

2.2.1 Low-Income Rates

While IBPs are intended to help low-income households, the California Public Utilities Com-

mission (CPUC) mandates a low-income bill assistance program, known as CARE. Any utility with

more than 100,000 customers must provide 20–35 percent discounts on gas and electricity bills for

eligible households.12

The CPUC determines income thresholds for CARE eligibility based on household income and

size. If a household’s income is below the threshold for its family size, it can enroll in CARE.13 I

observe both household income and size in the RASS and therefore can determine whether each

household is eligible for CARE rates. I use this information to match all CARE-eligible households

in my sample to the special CARE electricity prices.

Using both CARE and non-CARE rates is key to determining whether IBPs help low-income

households. Borenstein (2012b) finds that the presence of CARE decreases the redistribution from

IBPs by more than 50 percent.

2.3 Empirical Challenge

To establish whether IBPs decrease total electricity use and help low-income households, I

first estimate price elasticities of electricity demand by income. Consider a naive first-di↵erences

specification to estimate price elasticities:

�ln(kWhit) = �0 + ��ln(Pit) + �1�Xit + �i + ⌧t + ⌘it. (1)

where �ln(kWhit) = ln(kWhit)� ln(kWhit12) is the log-di↵erence in electricity consumption from

month t to month t � 12; �ln(Pit) = ln(Pt(kWhit)) � ln(Pt12(kWhit12)) is the log-di↵erence in

11. Levinson (2016) confirms that the RASS is a representative sample of California households by comparing the
RASS with the American Housing Survey and the Residential Energy Consumption Survey.
12. See https://www.cpuc.ca.gov/General.aspx?id=976 (accessed May, 20 2019).
13. Not all households that are eligible for CARE enroll in the program. In 2015, PG&E esti-

mated that roughly 200,000 of 1.4 million eligible households did not sign up for the program. Source:
https://www.pge.com/en/about/newsroom/newsdetails/index.page?title=20151012_thousands_of_energy_
customers_could_receive_more_than_30_percent_in_energy_savings_through_pge_care_program (accessed
February, 20 2018).

9

https://www.cpuc.ca.gov/General.aspx?id=976
https://www.pge.com/en/about/newsroom/newsdetails/index.page?title=20151012_thousands_of_energy_customers_could_receive_more_than_30_percent_in_energy_savings_through_pge_care_program
https://www.pge.com/en/about/newsroom/newsdetails/index.page?title=20151012_thousands_of_energy_customers_could_receive_more_than_30_percent_in_energy_savings_through_pge_care_program


price per kWh, either average or marginal, from month t to month t � 12; �Xit = Xit �Xit12 is

the di↵erence in weather from t to month t� 12; �i is a border fixed e↵ect; ⌧t is a month-of-sample

fixed e↵ect; and ⌘it = ✏it � ✏it12 is an idiosyncratic error term. Estimates of � would represent the

price elasticity of electricity demand.

There are two primary problems with estimating elasticities via equation (1). The first is the

standard simultaneity problem: equilibrium electricity prices and demand are determined jointly.

The second is related to the structure of IBPs: under IBPs, a household’s electricity price is

determined by the quantity of electricity it uses. One additional problem introduced by the first-

di↵erencing is that the independent variable, �ln(kWhit), represents the growth rate in electricity

use between two months. If high and low electricity users have di↵erent growth rates in electricity

use, the price-elasticity estimate will be biased.

Estimates of � from equation (1) are reported in Table 3 for both marginal and average prices.14

Using either marginal or average price suggests that demand curves are upward sloping: consumers

use more electricity as prices increase. This positive relationship, however, is a result of the two

simultaneity problems. For example, these estimates suggest that for a 1 percent change in average

price, electricity use would increase by 1.65 percent. Similarly, for a 1 percent change in marginal

price, electricity use would increase by 0.68 percent.

2.4 Estimating Price Elasticities Using Climate Zones

To address the two simultaneity problems present in equation (1), I use an instrumental variables

approach by combining cross-sectional and temporal variation in electricity prices. Cross-sectional

variation arises from utilities charging di↵erent households di↵erent prices based on each household’s

location. Temporal variation arises from utilities’ changing electricity prices over time.

Households using the same amount of electricity but living in di↵erent climate regions pay

di↵erent electricity prices. For example, two of PG&E’s largest climate zones are Zones T and

X. Zone T runs along the coast from Mendocino to San Luis Obispo, while Zone X is the same

length but inland. In June 2009, the baseline allocation in Zone X was 369 kWh per month, which

is warmer, and the baseline allocation in Zone T was 253 kWh per month. The lower baseline

14. Omitted covariates for the regression on average price can be seen in Table B.1 and for marginal price in Table
B.2.
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allocation in Zone T corresponds to higher electricity prices for households in Zone T, which can

be seen in Figure 8. These higher prices are a result of the fact that the IBP increases more quickly

for Zone T households because the baseline allocation is lower.

Suppose there were two households that used 650 kWh in June 2009, one in Zone T and the

other in Zone X. For an additional kWh, the Zone T household would have paid 38 cents (on the

fourth tier) and the Zone X household would have paid 26 cents (on the third tier). The average

price per kWh in Zone T would have been 21 cents versus 16 cents in Zone X. These di↵erences in

price would correspond to a $140 electricity bill in Zone T and a $101 electricity bill in Zone X.

Temporal price variation results from electric utilities updating both the utility-wide prices and

the baseline allocations. These changes in prices over time can be seen in Figures 2 and 3 for

SDG&E and PG&E, respectively. Electricity prices fluctuate seasonally and are increasing over

time for both utilities.

The changes to the baseline allocations can be seen for SDG&E in Figure 6 and for PG&E

in Figure 7.15 These changes primarily reflect seasonal changes in baseline allocations: baseline

allocations are higher in summer than in winter. The immediate implication of pricing by climate

zone is that for the same electricity use, households living on opposite sides of the climate border

pay di↵erent prices that change di↵erentially over time.

I use this cross-sectional and temporal variation in a two-stage least squares strategy to identify

the price elasticity of electricity demand. I use a price instrument proposed by Auten and Carroll

(1999) and used in Ito (2014). The price instrument is�ln(P̃it) ⌘ ln(Pt(kWhi0))�ln(Pt12(kWhi0)),

where kWhi0 represents the kWh consumed in the first month the household is in the sample and

Pt12 is the pricing schedule from 12 months prior to month t. This represents the change in price a

household i would have experienced for energy use kWhi0 from month t� 12 to month t if it had

used the same amount of electricity in both months (Auten and Carroll 1999).16

15. A household’s climate zone is determined by its location and altitude, so the boundaries are not as clear as they
appear to be in these figures. However, the RASS reports each household’s climate zone so I am able to match each
household with the appropriate pricing schedule for its climate zone.
16. We can use alternative choices for the constant level of electricity consumption to generate alternative instru-

ments. The first is electricity use from a period in the middle. For example, if we are measuring the change in
price from January 2000 to January 2001, we would use consumption in June 2000. Another alternative would be to
use mean electricity consumption. Using the mean helps lessen the impact of transitory shocks and mean reversion
in electricity use. See Blomquist and Selin (2010), Saez, Slemrod, and Giertz (2012), and Ito (2014) for further
discussion of these alternative instruments. Using any one of these three instruments requires di↵erent assumptions
on the structure of the error term.
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I estimate the price elasticity of electricity demand via two-stage least squares. The first stage

estimates changes in electricity household prices as a function of exogenous, utility-driven changes

in electricity prices.

First stage:

�ln(Pit) = ⇡0 + ⇡1�ln(P̃it) +
10X

j=1

Ditj + ⇡2�Xit + �i + ⌫it (2)

The second stage estimates changes in electricity use as a function of the predicted changes in

electricity price from the first-stage estimation.

Second stage:

�ln(kWhit) = �0 + � \�ln(Pit) +
10X

j=1

Ditj + �1�Xit + �i + ⌘it (3)

where \�ln(Pit) is the predicted log-change in price from the first-stage regression based on the

simulated instrument �ln(P̃it). In the first-stage regression, ⇡1 represents the relationship between

the instrument, �ln(P̃it), and the observed log-change in electricity prices over 12 months. As in

Ito (2014), I add a dummy variable equal to 1 if electricity use is in decile j, Ditj , to control for

di↵erences in the growth rate of electricity consumption between high and low users. Identification

of this dummy variable comes from di↵erent households using the same amount of electricity but

paying di↵erent prices based on where they live. �Xit = Xit � Xit12 is the di↵erence in weather

from t to month t � 12. Following Black (1999), I include a border fixed e↵ect, �i, to control for

time-invariant unobservable di↵erences between the regions in my sample. The border fixed e↵ect

controls for di↵erences for households living along one climate border versus another. For example,

this fixed e↵ect controls for di↵erences between a coastal to inland border (like T versus X in Figure

5) versus an inland versus mountain border. Last, an idiosyncratic error term, ⌘it = ✏it� ✏it12 . The

coe�cient, �, is the estimated price elasticity of electricity demand. First di↵erencing eliminates

household-by-month fixed e↵ects.

I estimate the instrumental variables regression on two di↵erent sub samples of data. The

first is a limited geographic sample of households that live within 10 km of the closest climate

border. This method relies on the assumption that households living nearby are similar and are

not sorting across the climate border based on electricity prices. Bruegge, Deryugina, and Myers
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(2019) show that households living close to California Energy Commission climate borders use

similar amounts of electricity. Balance tests for household characteristics across climate zones can

be seen in Appendix Table B.3 through B.7. Trimming the sample at 10 km improves balance on

some observable characteristics of the households. However, the balance between characteristics re-

mains imperfect. Thus, using the first di↵erencing strategy to control for time-invariant di↵erences

between households is important.

The second method of identifying the e↵ect of prices on electricity demand is simple one-to-

one matching on observable household characteristics. Using this alternative sample serves as a

robustness check to using households immediately across the border. The wealth of information in

the RASS allows me to compare similar households living throughout the climate zones, rather than

only across the border. Balance tests for the matched sample for household characteristics between

zones in PG&E’s and SDG&E’s service territory can be seen in Appendix Table B.8 through B.12.

Within each sample, I estimate heterogeneous price elasticities for four di↵erent income groups.

Rather than estimating elasticities by electricity use, this paper estimates elasticities by income.

Because IBPs were intended to protect low-income households, understanding how price sensitivity

varies by income group is a key parameter of interest.

3 Results

3.1 Price Elasticities

Table 4 reports the estimates of ⇡1 from the first-stage regression, equation (2), for both marginal

and average prices. These estimates are using the geographically limited climate-border sample.

For the regression on average price, a 1 percent increase in the log-di↵erence in the “simulated”

average price results in a 0.84 percent increase in the log-di↵erence in the actual average price. I

split the sample into the four income groups and estimate the first-stage regression again separately

for each group. The correlation between the price instrument and the actual change in price remains

strong and positive.

For marginal price, a 1 percent increase in the simulated marginal price results in a 0.62 per-

cent increase in the log-di↵erence in the actual marginal price. All F-statistics are greater than

10, suggesting a strong first-stage relationship. The correlation is stronger for the average price
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instrument because the average prices generated by IBPs do not have the big jumps in price that

the marginal prices do.17

Table 5 reports the estimates of price elasticities of demand using the geographically limited

sample and the instrument based on the first period of consumption, kWhi0.18 The first column

reports the estimates for price elasticities of demand if households respond to average price. I find

that a 1 percent increase in the average electricity price causes households to decrease their elec-

tricity consumption by -0.16 percent. The second column reports the estimates for price elasticities

of demand if households respond to marginal price.

Next, I split the sample into four di↵erent income groups and estimate price elasticities sepa-

rately by income. I find that low-income households are slightly less price elastic than high-income

households. The price elasticities of demand reported in Table 5 range from -0.100 for house-

holds with income from $0 to $49,999 to -0.427 for households with income greater than $150,000.

Wealthier households are more price elastic than lower-income households.19

A 1 percent increase in marginal price causes a -0.143 percent decrease in electricity consump-

tion, if households respond to marginal price. Again, higher-income households are more price

elastic than lower-income households. Price elasticities of demand range from -0.107 for households

with income from $0 to $49,999 to -0.362 for households with income greater than $150,000. Elas-

ticities estimated by previous studies range from 0 to -0.6 (Reiss and White 2005). The estimates

in Table 5 are within this range.20

High-income households may be more price elastic than low-income households for several rea-

sons. First, high-income households are likely to have more extraneous uses for their electricity

consumption than low-income households. Low-income households are likely using their electricity

at subsistence levels for running the lights, the refrigerator, and the air conditioner just to keep their

17. I am not able to distinguish whether households respond to marginal or average prices. The households in my
sample all live in the same utility service territory so there is not enough variation between average and marginal
prices to estimate an encompassing test as in Ito (2014).
18. Omitted covariates for the regression on average price can be seen in Appendix Table B.13 and for marginal

price in Appendix Table B.14. Robustness checks for 5 km and 20 km can be seen in Appendix Tables B.15 and
B.16. An additional robustness check using an alternative income grouping can be seen in Appendix Table B.17.
19. Appendix Table B.18 shows estimates from a regression where all income groups are included in the same

regression. This specification allows me to test whether the point estimates are statistically di↵erent from one
another. This table shows that the income group estimates are not statistically distinguishable.
20. Appendix Table B.19 shows the estimates grouping households by electricity use rather than by income. This

table shows that households in the 2nd quartile of electricity use have the highest price elasticities of demand relative
to the other quartiles.
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home at a bearable temperature. While high-income households are more likely to have heated

pools and air conditioners set to lower temperatures. High-income households are also more likely

to be able to make energy e�ciency investments. Thus, high-income households have more mar-

gins on which they can adjust their electricity use than low-income households. Appendix Table

B.20 shows the marginal e↵ect of air conditioner ownership on a household’s price elasticity of de-

mand. These results show that households with air conditioners are slightly more price elastic than

households without air conditioners, but that the di↵erence in the elasticities is not statistically

significant.

In all estimates in Table 5, the price elasticities for lower-income households are not statistically

significant. Many of these households qualify for California’s low-income pricing program, CARE.

As previously mentioned, CARE provides 25 to 30 percent discounts on electricity prices both by

charging lower per-unit prices and by using a two-tier IBP rather than a five-tier IBP. These CARE

households do not experience many changes in electricity prices over time. So the variation in prices

for these households is smaller, which decreases the statistical precision of my estimates.

It seems likely that households respond to the prices they faced in the previous month rather

than the current month, for which they have not yet been billed. To account for this possibility, I

estimate equation (3) with respect to last month’s price rather than the current price. Appendix

Table B.21 shows the resulting estimates for the full sample and by income group. Using the lagged

price yields slightly larger elasticity estimates than using the contemporaneous price. While it’s

possible households respond to their bills last month rather than the prices today, I use the results

in Table 5 because they yield more conservative estimates of the change in aggregate electricity

demand. However, the remainder of the paper includes robustness checks using the alternative

elasticities under the lagged price.

It is still possible that the first period of electricity consumption, kWhi0, is correlated with

the error term ⌘it = ✏it � ✏it0 (Ito 2014). This correlation could arise from mean reversion in

electricity consumption: if a household has a positive use shock in its first month in the sample,

typically its electricity use will drift back down over time, leading to correlation between errors over

time. Other simulated instruments based on average electricity use, kWhi, and the month in the

middle, kWhit6 , have been suggested (Blomquist and Selin 2010; Saez, Slemrod, and Giertz 2012).

Appendix Table B.22 reports estimates of price elasticities using the household’s average monthly
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electricity use, kWhi. Appendix Table B.23 reports estimates of price elasticities using the month

in the middle of the two end months, kWhit6 . The month in the middle, for example, would be

June 2009 if the log-di↵erence is for December 2008 to December 2009. The elasticity estimates

reported in Appendix Tables B.22 and B.23 show a pattern similar to that of the main elasticity

estimates in Table 5.

These elasticity estimates are also robust to using the alternative matched sample. The matched

sample is generated by matching households between climate zones using simple one-to-one nearest

neighbor matching. Appendix Table B.24 reports the main estimates using the matched sample

for both average and marginal prices using the household’s initial electricity consumption, kWhi0.

Appendix Table B.25 reports the elasticity estimates using the matched sample and the average

electricity use instrument, kWhi. Appendix Table B.26 reports the elasticity estimates using the

matched sample and the price instrument based on electricity use in the middle month, kWhit6 .
21

The price-elasticity estimates using the matched sample and di↵erent versions of the price instru-

ment yield qualitatively similar results.

3.2 Finding the Counterfactual Flat Price

To determine whether IBPs decrease total electricity use, I compare actual electricity use under

the existing IBP with electricity use under a flat price that raises the same revenue as that IBP.

Utility companies’ rates of return are regulated, so any price changes must raise the same revenue as

the price schedule they are replacing. Thus, electricity use must be compared under two alternative

pricing schedules that raise the same revenue. The procedure that follows is similar to a strategy

frequently used in the public finance literature to compare outcomes under revenue-neutral tax

changes.

The equation below takes price-elasticity estimates from Table 5 into account to hold revenue

neutral between both pricing scenarios. The following approximation calculates a flat price, p̄, that

21. Appendix Table B.27 through appendix Table B.32 show the elasticity estimates for each income group for each
climate zone pair used to generate the weighted averages in appendix Tables B.24 through B.26.
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raises the same revenue, R, as the block price, s(pi):

R =
NX

i

Di(p̄) ⇤ p̄

=
NX

i

h
Di(s(pi)) + (p̄� s(pi))�j

Di(s(pi))

s(pi)

i
⇤ p̄

(4)

where R is utility revenue, i is a consumer index, p̄ is the revenue-neutral flat price, Di(p̄) is

electricity demand under the flat rate, Di(s(pi)) is electricity demand under the current multitier

rate s(pi), and �j is the price elasticity of electricity demand for the income group j.

Equation (4) is a Taylor series representation of utility revenue from individual consumer de-

mand under the counterfactual flat price p̄. The first line of the equation represents the revenue

raised by electricity use under the flat price. In the second line, the term in brackets represents

electricity demand under the flat price, p̄, using the observed electricity demand under the existing

IBP, Di(s(pi)). In my data, I observe R, s(pi), and Di(s(pi)). I estimate the price elasticities �j ,

and then I can rearrange equation (4) to solve for p̄. Equation (4) takes into account changes in

household electricity consumption in response to the change in price from s(pi) to p̄. This expres-

sion also allows me to assume households respond to either marginal or average prices, represented

by pi. Equation (4) is used to calculate a separate flat price for CARE and non-CARE households

in each climate zone in each month, allowing my analysis to incorporate a separate flat price for

low-income households.22

If households respond to the average price, the revenue-neutral flat price is about 16 cents

per kWh on average over all months for non-CARE households and 9.6 cents per kWh for CARE

households. This flat price, p̄, ranges from 8.5 cents to 22 cents based on the climate zone. The

lowest Tier 1 price in the sample is 8.3 cents (a CARE price), and the highest is 44 cents depending

on the month and climate region. So, on the lowest end, the flat price is only slightly higher than

the cheapest electricity price and, on the highest end, the flat price is half as much as the highest

price. The CARE households receive a 40 percent discount on their electricity use under the flat

price relative to the higher-income households. This discount corresponds to the average discount

22. I make the same calculation under four alternative flat pricing scenarios: allowing the price to vary by region
by year, by year, by region, and by month, and use those alternative flat prices to calculate the changes in electricity
demand in the next section.
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on electricity use for CARE households under IBPs.

I also calculate equation (4) not taking into account CARE households and calculating one flat

price for all households. The average flat price without a low-income rate is 15 cents per kWh

on average across all households. This allows my analysis to compare outcomes across alternative

price schedules.

3.3 Do IBPs Decrease Total Electricity Use?

With the revenue-neutral flat price, p̄, I calculate each household’s counterfactual electricity use

to compare total electricity use under the flat price, D(p̄), with total electricity use under the IBP,

D(s(pi)). Household i’s consumption under the flat price, Di(p̄) is given by

Di(p̄) = Di(s(pi)) + (p̄� s(pi))�j
Di(s(pi))

s(pi)
(5)

where Di(p̄) is household consumption under the hypothetical flat price, D(s(pi)) is consumption

under the current block pricing regime, and pi is household average (or marginal) price. Then, I

aggregate across households within each climate zone to calculate the percentage change in total

consumption under the hypothetical flat price, D(p̄), from observed total consumption under the

IBP, D(s(pi)).

Figure 9 is a representative example of the steps necessary to determine the change in electricity

use for a switch from flat prices to IBPs. The solid step function shows the IBP schedule in PG&E’s

Zone T in June 2009. The solid distribution represents actual electricity consumption under the

existing IBP. The dashed line shows the flat price that would have raised the same revenue in Zone T

in June 2009, calculated to be 18 cents per kWh using equation (4). The dashed distribution depicts

the estimated electricity use under the counterfactual flat price of 18 cents per kWh, calculated

using equation (5). The solid distribution (IBP: kWh) is a rightward shift of the dashed distribution

(Flat Price: kWh), which shows that average electricity use would have increased in Zone T in June

2009 for a switch from a flat price to an IBP. I complete this exercise in every zone in every month

to determine whether, in aggregate, a hypothetical switch from flat prices to IBPs decreases total

electricity use.

Table 6 reports the total percentage changes in electricity demand for a change from flat prices
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to IBPs for each climate zone.23 The estimates in this table are based on the point estimates for

the elasticities of demand presented in Table 5. Appendix Table B.37 includes a range of estimates

for the change in aggregate demand based on the 95 percent confidence intervals for the elasticity

estimates. The bottom row reports the average change across climate zones for total electricity use.

Total electricity consumption would have increased by 0.01 percent in 2003 and by 0.82 percent in

2009 if households responded to average electricity prices.

Total electricity consumption would have decreased by 3.43 percent in 2003 and by 4.91 percent

in 2009 if households responded to marginal electricity prices.24 Prior work suggests that households

respond to average prices, meaning the results in Table 6 demonstrate that IBPs increase total

electricity use relative to a flat price (Ito 2014; Wichman 2014; Sha↵er 2019).

If households respond to average price, IBPs increase demand relative to a flat price. But if

households respond to marginal price, IBPs decrease demand relative to a flat price. The di↵erence

in total electricity use under average versus marginal price response assumptions is due to two

factors: first, I estimate smaller price sensitivities for households responding to marginal prices,

and second, marginal prices are higher than average prices. So if households are responding to

marginal prices, then the price signal to decrease electricity use is stronger because marginal prices

are higher than average prices. These high prices lead households to cut back on their electricity

consumption. Although some households still experience a decrease in price and increase their

consumption, more households experience an increase in price and decrease their consumption.25

Table 6 shows heterogeneity in the e↵ect of IBPs on electricity use among climate regions. This

23. Appendix Tables B.33 through B.36 report the results under alternative flat prices where the flat price varies
by: region by year, region only, month only, and year only rather than by region by month. The results under these
alternative flat pricing schemes are qualitatively similar to the main results. My preferred specification is by region
by month as this most accurately represents the current pricing scheme–IBPs vary regionally and frequently change
across months. In addition, there is redistribution that happens within a utility territory as households living further
inland both tend to be lower income and pay lower electricity prices. Allowing the flat prices to vary regionally keeps
this redistribution the same between the IBPs and the flat pricing schedule.
24. Appendix Table B.38 reports the same estimates using the flat price without a low income rate. These results

show little change in total electricity consumption if households respond to average price and decreases in electricity
use if households respond to marginal price.
25. Appendix Table B.39 shows the same changes in total electricity use under the assumption that all households

have the same price elasticity of demand. These results show even larger increases in total consumption under
household average price response than if there is heterogeneity in household elasticities. Similarly, the results show
more conservative decreases in electricity use if households all have the same elasticity. These results demonstrate
the importance of the relative elasticities of demand of households the sample. And Appendix Table B.40 shows
the change in aggregate demand if households responded to last month’s price. These results show slightly larger
changes in total electricity consumption: bigger increases if households respond to average price and bigger decreases
if households respond to marginal price than the results in Table 6.
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is because there are di↵erent distributions of income, price elasticities, and electricity use among

climate zones. For one extreme example of the heterogeneous demand response between climate

zones, consider the di↵erence in 2009 between PG&E’s Zone T, which is PG&E’s coastal zone,

and SDG&E’s Coastal Zone. In Zone T, households would have increased their electricity use by

1.30 percent if prices changed from flat to block, while in the Coastal Zone, households would

have increased their use by only 0.30 percent. In both zones, around 30 percent of households

experienced a decrease in their electricity prices with a switch from flat to block prices. But the

average decrease in price in Zone T was larger (21 percent) relative to the average decrease in price

in the Coastal Zone (14 percent). While the same proportion of households experienced a price

decrease, because the price decrease was bigger in the PG&E region, these households increased

their electricity use by relatively more than households in the Coastal Zone. The di↵erences in

total electricity use between these zones demonstrate that the e↵ect of IBPs depends on the type

of consumers served by the utility company.26

It is possible that IBPs are structured to change the distribution of monthly electricity use. The

high marginal prices for high electricity use are designed to decrease unnecessary electricity use. In

Table 7 I investigate whether the shape of the distribution of electricity use changes under IBPs

versus flat prices with a CARE rate. This table shows that IBPs may slightly decrease electricity

use at the 90th percentile of electricity use–in 2009, for example, the 90th percentile of electricity

use was 1,111 kWh under IBPs versus 1,148 under flat prices. However, the 25th, 50th, and 75th

percentiles are largely similar under IBPs and flat prices.

In Table 8 I present the median percentage change in price that households experience by income

group. Assuming consumers respond to average price, I find that households with income from $0

to $49,999 experienced a 5 percent decrease in prices in 2003 and a 5.6 percent decrease in price

in 2009.27 The median household with income greater than $150,000, who use the most energy,

experienced a price increase of 3.2 percent in 2003 and an increase of 7.4 percent in 2009. It is

important to note that the standard deviations on the percentage change in price are quite large,

implying that there are households within each income group that experience price increases and

26. Appendix Table B.41 shows aggregate changes in electricity use using the elasticity estimates by electricity use
rather than by income in Appendix Table B.19. Because households in the lower two quartiles of electricity use
are more price elastic than households in the upper price quartiles, these results show relatively large increases in
electricity use in response to IBPs.
27. For these calculations, I am taking a separate flat price for CARE households into account.
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others that experience price decreases. Section 4 further investigates the heterogeneity in changes

in price by income group.

3.4 IBPs, Electricity Use, and Alternative Elasticity Estimates

To test the sensitivity of the finding that IBPs increase total electricity use, I repeat the cal-

culations in equations (4) and (5) using two often cited papers (Reiss and White 2005; Ito 2014).

Table 9 shows the changes in electricity demand using these alternate elasticities. Reiss and White

(2005) find elasticity estimates ranging from -0.49 for the lowest-income households to -0.29 for

the highest-income households. They estimate these elasticities using a discrete continuous choice

model, assuming marginal price response. I use these estimated elasticities for �j and both marginal

and average prices for pi in equations (4) and (5). Under Reiss and White’s elasticity estimates,

changes in total electricity use range from a 1.98 percent increase for average price response to a

7.03 percent decrease for marginal price response.

The estimated change in demand is greater under Reiss and White’s estimated elasticities than

under my estimates for two reasons. The first is that they find that lower-income households are

more price elastic than higher-income households. Since lower-income households use slightly less

electricity than higher-income households, they are the most likely to experience a price decrease

when switching from a flat price to an IBP. Thus, the households that experience the decrease in

price are the ones that are the most price elastic. Second, they find elasticities that are larger in

magnitude than my estimates, which magnifies their e↵ects compared with my estimates.

In a more recent study of price elasticities of electricity demand, Ito (2014) estimates a price

elasticity of -0.088. He does so using a simulated price instrument for households along the Southern

California Edison (SCE) and SDG&E service border in San Diego. He also calculates the change

in electricity use from a revenue-neutral flat price instead of IBPs. He finds that IBPs would

increase aggregate demand by 0.27 percent if consumers respond to average price but would decrease

aggregate demand by 2.33 percent if consumers respond to marginal price.

Table 9 shows the percentage change in total electricity use employing Ito’s elasticity estimate

of 0.088. Demand would have increased by 0.37 percent if households respond to average price

but would have decreased 1.76 percent if households respond to marginal price. Because Ito finds

that consumers are relatively price inelastic, the magnitude of the demand response is small but
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demonstrates that IBPs do not meet the goal of decreasing total electricity use. My results di↵er

from Ito’s because (1) I calculate a di↵erent revenue-neutral flat price in each month for CARE

and non-CARE households, while he uses the long-run average electricity price, (2) my sample of

households di↵ers from his, and (3) I calculate price elasticities of demand by income group and

use these in my calculations.

Table 9 summarizes these outcomes, showing that my estimates align more with the estimates

using Ito’s elasticities than with Reiss and White’s. These di↵erences reflect the fact that I find

price elasticities that are closer in magnitude to Ito’s. Ito, however, estimates only one elasticity,

while both my estimates and Reiss and White’s allow for heterogeneity among households with

di↵erent incomes.

4 Do IBPs Help Low-Income Households?

4.1 Electricity use and Income

IBPs introduce a classic trade-o↵ between equity and e�ciency. IBPs are socially ine�cient

because di↵erent households pay di↵erent marginal prices for the same good (Borenstein 2012b).

Rather than use IBPs, utility companies could charge marginal prices that are reflective of the social

cost of electricity generation and give a cash transfer to low-income households. This type of price

schedule could be preferred to IBPs because (1) all households would pay the same per-unit price

and (2) cash transfers are typically more e�cient than in-kind transfers (Thurow 1974). A scheme

where low-income households receive a cash transfer is currently infeasible because it requires that

utility companies know the income of each household they serve.28

Under IBPs, households’ electricity bills increase as their electricity use increases. So electricity

bills are higher for high-use households than for low-use households. These di↵erences in bills

between high and low users are intended to protect low-income households from high electricity

bills. But whether IBPs help low-income households in practice depends on three key components.

First, relief from high bills depends on the correlation between income and electricity use. Low-

income households will be on the low pricing tiers only if they are low electricity users. Second,

28. The most notable exception is CARE. However, the utility company knows only that these households qualify
for lower rates, not their explicit incomes.
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relief from high bills depends on CARE. CARE targets household income directly, so whether IBPs

help any further depends on how much help is already being provided by CARE. And third, the

relief depends on the e↵ect of utilities’ climate zone pricing. Low-income households tend to live

in warmer areas of California, so they live in climate zones where prices are lower, on average. I

characterize the e↵ects of these three components to determine whether IBPs protect low-income

households from high electricity bills.

First, IBPs will decrease electricity bills for low-income households only if monthly electricity use

is closely related to income. Figure 10 shows the distribution of electricity use by income group.29

High-income households use more electricity than low-income households. But each distribution

has a long right tail in electricity use—some households in each income group use large amounts of

electricity.

The correlation between income and electricity use is 0.222 in the RASS. Di↵erences in appliance

portfolios between high- and low-income households could be one possible reason for the weak

correlation between monthly electricity use and income. These di↵erences are reported in Table 10.

Low-income houses are smaller and have fewer air conditioners and televisions than high-income

households. But their houses are older, have older refrigerators and heaters, and are located in

warmer climates. Whether high- or low-income households use more electricity is not immediately

apparent from their characteristics.

I calculate electricity use per square foot for each household to measure electricity use intensity.

The higher that number, the more electricity a house uses per square foot. Electricity use intensity

decreases monotonically as income increases in my sample (see Table 10). The correlation between

electricity use intensity and income is -0.099. That negative relationship suggests that high-income

households use less electricity per square foot than low-income households despite living in big-

ger homes. The negative relationship between electricity use per square foot and income further

weakens the correlation between monthly electricity use and income.30

The above correlations between income, electricity use, and electricity use per square foot,

29. Appendix Figure B.1 shows the distribution of electricity use by income by climate zone. Note that in milder
climates, such as PG&E’s Zone T, the distributions of electricity use by income overlap more than in climates with
warmer weather, such as Zone R.
30. I also calculate electricity use per household member. I find a negative relationship between monthly electricity

use per person and income, with a correlation of -0.0031. This negative correlation suggests that each household
member uses less electricity in higher-income households than lower-income households.
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however, hide that in California income is correlated with weather. Wealthier households tend to

live closer to the coast and experience cooler weather than poorer households. IBPs in California

charge lower prices to households living farther inland because inland climate zones have higher

baseline allocations of electricity use. To test whether income and electricity use are correlated

conditional on weather, climate zone, and household appliance portfolios, I estimate the following

regression via ordinary least squares:

ln(kWhit) = �0 + �1ln(incomeit) + �2Xit + ⌧t + �i + ✏it (6)

to test the correlation between income and electricity use while controlling for other house-

hold characteristics. The income variable represents the natural log of a household’s income, Xit

represents household characteristics such as weather and appliance portfolios, ⌧t represents a month-

of-sample fixed e↵ect, and �i represents a climate-zone fixed e↵ect.

Appendix Table B.42 reports the results from equation (6). Columns (1) through (4) show

small changes in the correlation between income and electricity use as more controls are added.

Column (4) shows that conditional on regional fixed e↵ects, weather, and household characteristics,

an increase in income of 1 percent is correlated with a .093 percent increase in electricity use. The

correlation decreases as I add in additional controls that are also likely correlated with income,

such as regional fixed e↵ects and household appliances. These results suggest that electricity use

may not be a good proxy for income.31

Second, California’s CARE program is designed to protect low-income households from high bills

so IBPs may not o↵er these low-income households any additional assistance. If the lowest-income

households are on CARE pricing schedules, IBPs have the potential to help only CARE-ineligible

households. CARE directly targets low-income households, while IBPs use monthly electricity use

as a proxy for income. Any bill protection o↵ered by IBPs will be in addition to any protection

o↵ered by CARE.

In my sample, 16.6 percent of households meet CARE income eligibility requirements; most

of these households are in the two lowest income bins. CARE prices are lower than the standard

31. Borenstein (2012b) also finds a low correlation between income and electricity use. Similarly, Cardenas and
Whittington (2019) finds that higher-income households receive a larger share electricity subsidies than lower-income
households in a developing country context.
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IBPs and only have two tiers rather than five. Because many low-income households are already

enrolled in CARE, IBPs have limited opportunities to o↵er assistance to low-income households.

Third, utility companies in California charge electricity prices that vary by climate zone. Elec-

tricity prices in warmer climates are lower than in cooler climates. In my sample, lower-income

households tend to live in warmer areas than higher-income households, which means that they

pay lower electricity prices. I take pricing by climate zone into account by estimating climate-zone-

specific flat prices.

The next three sections examine the e↵ects of IBPs on consumer welfare. First, I compare bills

under three di↵erent pricing schedules, all of which raise the same revenue. Second, I calculate

changes in consumer surplus from a hypothetical switch from the flat prices to the existing IBPs.

And third, I calculate the deadweight loss from using prices that are higher than California’s social

marginal cost of electricity.

4.2 Winners and Losers from IBPs

I compare bills under three di↵erent pricing schedules that raise the same revenue: the existing

IBPs with CARE, flat prices with CARE, and flat prices without CARE. Equation (4) is used to

calculate the alternative flat prices, and equation (5) is used to calculate electricity use under those

alternative prices. These changes in electricity bills determine whether IBPs protect low-income

households from high electricity bills.

Table 11 shows median electricity bills under the existing IBPs and flat prices with CARE

assuming all eligible households are enrolled in CARE. On average, the flat price for CARE house-

holds is 9.6 cents per kWh and for non-CARE households is 16 cents per kWh.32 This calculation

ensures revenue neutrality within each of the two groups (CARE and non-CARE) and reflects what

a flat price might look like in California. IBPs with CARE lower electricity bills for the median

low-income household from $52.39 under the flat price to $46.14 under the IBP. IBPs combined

with CARE save the median household with income from $0 to $49,999 $6.25 each month. Under

IBPs relative to a flat price without CARE rates, households with income from $50,000 to $74,999

pay $11.28 less each month under IBPs than flat prices, those with income from $75,000 to $149,999

32. The average prices represent those prices in a given year-month across all climate zones.
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pay $9.42 less, and those with income greater than $150,000 pay $3.20 less.33

In terms of percentages, these changes in electricity bills represent a large share of the total

bills of low-income households. IBPs, in conjunction with CARE, save these households around

12 percent on their electricity bills. The median middle- and high-income households also pay

less under IBPs than they do under flat prices. Average electricity bills are higher than median

electricity bills reflecting a positive skew in the distribution of electricity use. Thus, there are a few

households that pay more under IBPs, but these households are the highest electricity users. IBPs

save the median household across all income groups money on their electricity bills.34

Table 12 shows the exact same changes in electricity bills, but for a flat price without a low-

income rate. The average flat price across all months and all climate zones is 15 cents per kWh.

These estimates combine the e↵ect of IBPs and CARE. IBPs with CARE lower electricity bills

for the median low-income household from $62.10 under the flat price to $46.14 under the IBP.

IBPs save the median household with income from $0 to $49,999 $15.96 each month. Under IBPs

relative to a flat price without CARE rates, households with income from $50,000 to $74,999 pay

$8.24 less each month under IBPs than flat prices, those with income from $75,000 to $149,999

pay $5.63 less, and those with income greater than $150,000 pay $0.04 less. IBPs, save the lowest-

income households around 26 percent on their electricity bills. IBPs and CARE protect low-income

households from high electricity bills by pushing costs onto higher-use households.

The flat monthly bills in Table 12 do not take CARE pricing into account. Thus, low-income

households would be switching from a flat price without a low-income subsidy to a tiered price with

a subsidy. The stark di↵erences in bills for the lowest-income households are likely driven by the

presence of CARE.

33. Appendix Table B.43 shows the same estimates under the assumption that all households have the same elasticity
of demand, rather than allowing the elasticity to vary with household income. The results are very similar to those
in Table 11.
34. These results are under the assumption that all households that are eligible for CARE are enrolled in the

program. However, this is not likely to be the case and thus these estimates represent a “best-case scenario.” It is
also possible that there are some high-income households enrolled in the CARE program even though they are not
eligible. CARE has relatively low audit rates leaving open the possibility that some higher income households have
CARE rates.
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4.3 Changes in Consumer Surplus from IBPs

IBPs charge di↵erent marginal prices to di↵erent households based on their electricity use. These

di↵erences in marginal prices distort consumption relative to a flat price where all households pay

the same marginal price. The changes in consumer surplus from switching to block prices from flat

prices have three components. First, per-unit electricity prices fall for the first units of electricity

use. These price decreases get passed through to the consumer in the form of lower electricity bills.

Second, beyond any threshold where prices are higher than the initial flat price, households pay

higher per-unit prices. These higher prices are passed through to the household in the form of

higher electricity bills. Whether a household’s electricity bill falls for a change from flat to block

prices depends on what share of its electricity use falls above or below the original flat electricity

price.

Third, in addition to changing household per-unit electricity prices, IBPs also introduce dead-

weight loss. Relative to what they would have used under the flat price, households using electricity

above the flat price underconsume, while those using electricity at lower per-unit prices overcon-

sume.

Figure 11 represents a stylized version of the changes in consumer surplus the previous two

paragraphs described. This figure shows a high-use household with a hypothetical demand curve,

D. The flat price, p̄, lies between the tiers of a hypothetical two-tier IBP such that p1 < p̄ < p2.

Under the flat price, and given the household’s demand curve, the household uses q̄i kWh per

month. When the pricing schedule changes to the block price from the flat price, the household

now faces the second tier of the block pricing schedule, p2. Correspondingly, electricity use falls

from q̄i to qi.

There are three labeled regions in Figure 11. The first, region A, represents the increase in

consumer surplus from paying a lower per-unit price, p1, for each kWh up to the threshold where

the block price increases. The second, region B, represents a decrease in consumer surplus from

paying more for every kWh consumed above the threshold where the block price increases above

the original flat price. The third, region C, represents the deadweight loss from underconsumption

relative to the original flat price.

The example in Figure 11 demonstrates how IBPs could a↵ect consumer surplus. Whether
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consumer surplus increases or decreases depends on the share of a household’s consumption at

prices above and below the original flat price. This example represents a two-tier IBP but also

extends to IBPs with more than two tiers, as well as to low-use households.

I calculate the change in consumer surplus for all households in my sample by assuming linear

demand.35 Table 13 shows changes in consumer surplus for a switch from flat prices with CARE

rates to the existing IBPs. The median lowest income household experiences a $1.22 increase

in consumer surplus, which is 2.64 percent of their electricity bills. The median highest income

household experiences a $2.02 decrease in consumer surplus, which is 1.98 percent of their electricity

bill. This simple exercise demonstrates that the lowest-income households gain from IBPs and that

the highest-income households lose.36

Table 14 shows the same the changes in consumer surplus from switching to an IBP from

flat prices without a low-income rate. The median lowest-income household experiences a $10.99

increase in consumer surplus, which is 23.82 percent of their electricity bills. The median highest-

income household experiences a $6.58 decrease in consumer surplus, which is 6.46 percent of their

electricity bills.

This analysis assumes that households respond to marginal price, which is contrary to the

evidence in Ito (2014) and Wichman (2014). Average price response has di↵erent implications

for changes in consumer welfare because price misperception must also be taken into account.

Wichman (2017) develops a model to quantify the e↵ect of misperceiving prices on changes in

consumer surplus in the context of a natural experiment.

4.4 Changes in Welfare

Electricity prices in California are higher than the social marginal cost of electricity (Borenstein

and Bushnell 2018). Utility companies do not charge monthly fixed fees, so the tiered prices are

structured to recover the fixed costs for the utilities. These ine�ciently high prices result in

households underconsuming electricity relative to the social optimum. In this section, I compare

household electricity consumption under IBPs with consumption under a socially optimal flat price.

35. This assumption of linear demand is not realistic, but it illustrates the changes in consumer surplus that the
households experience.
36. Appendix Table B.44 shows the same estimates under the assumption that all households have the same price

elasticity of demand regardless of their income. Under this assumption, all households experience an increase in their
consumer surplus under the flat price with CARE relative to an IBP with CARE.
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Borenstein (2012a) calculates the socially optimal price in California, taking into account ex-

ternalities from electricity generation, to be around $0.10 per kWh. Using equation (5), I calculate

each household’s electricity use under this socially optimal flat price, pSMC = 0.10. I find that, on

average, households use 646 kWh per month under a flat price of 10 cents per kWh. Households

use around 624 kWh per month under the revenue-neutral flat price of approximately 14 cents per

kWh that I calculated if households respond to marginal price.

Given this socially optimal level of electricity use, I calculate the change in welfare associated

with using the higher flat price, p̄, that I calculated for each climate zone in each month using

equation (4). This change in welfare is represented by the shaded area A in Figure 12. I complete

this calculation both for marginal and average price responses.37

If households respond to marginal price, area A is equal to $0.64 per household per month. If

households respond to average price, area A is equal to $1.34 per household per month. This is

the deadweight loss from charging a price that is higher than the socially optimal flat price. The

deadweight loss is higher under average price response because the revenue-neutral flat price must

be slightly higher to recover the same revenues as the IBP.

I calculate the associated deadweight loss if the utilities move from using a socially optimal flat

price to using IBPs. Again, Figure 12 represents the deadweight loss in area A + B.38 If households

respond to marginal price, area A + B is $3.85 per household per month. If households respond to

average price, area A + B is equal to $1.56 per household per month.

Area A + B is smaller if households respond to average price for two reasons. The first is that

average prices are lower than marginal prices for all tiers but the first. The distortion above the

socially optimal flat price is not as large as if households are responding to marginal price. The

second is that more households perceive that they experience a decrease in price if they respond

to average price instead of marginal prices. This perception means that more households are

optimizing with respect to a lower price than if they were responding to marginal prices. Notably,

average price response means that using an IBP is actually slightly better than using a flat price.

The deadweight loss is only $1.56 rather than $3.85 per household. This finding suggests that IBPs

37. The calculation for average price response does not take into account any misperception costs experienced by
the consumer.
38. This is a stylized version of the graph for exposition and the households my sample face four- or five-tier pricing

schedules.
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are better for overall welfare in California than flat prices, even though they generate distortions

in price.

5 Conclusion

In this paper, I have demonstrated that if households respond to average prices, California’s

current IBPs increase total electricity use relative to a flat price that would raise the same revenue

for the utilities, which is contrary to their stated goal. This outcome depends on the relative price

elasticities of households along the pricing schedule. I also find that IBPs redistribute income

relative to a flat pricing schedule, but the important factor in this redistribution is the presence of

CARE, the subsidized low-income electricity rate.

I find that the deadweight loss from using IBPs instead of a socially optimal flat price is smaller

if households respond to average price than if they respond to marginal price. This is because

electricity prices in California are higher than the social marginal cost of electricity use. IBPs

charge users low prices for the first units of electricity, and these lower prices are closer to the

socially optimal price.

As the United States works to confront climate change, the electricity sector is the first frontier—

in 2016, this sector generated 28 percent of total greenhouse gas emissions (EPA 2016). Economists

argue that electricity prices should reflect the social marginal cost of electricity generation, and IBPs

are one approach to decreasing emissions while protecting households that use less electricity, who

are assumed to be low-income (Borenstein 2012b; Levinson and Silva 2018). IBPs are a climate

change mitigation tool used around the world. For example, China introduced IBPs for electricity

in 2012 (Zhang, Cai, and Feng 2017).

It is important to understand whether IBPs meet their dual goals, because more and more utili-

ties are considering introducing them. While IBPs are becoming increasingly common in electricity

markets, nonlinear prices are pervasive. Examples of other nonlinear prices include increasing

marginal tax rates and water rates and decreasing nonlinear rates for cellphone data plans. Al-

though these pricing policies often have salutary policy goals, the results presented in this paper

demonstrate that their e↵ectiveness in meeting those goals depends on how, or whether, consumers

respond to them.
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For instance, increasing marginal tax rates, intended to raise revenue, may have the unintended

consequence of decreasing hours worked, relative to a flat tax (Saez 2010; Kucko, Rinz, and Solow

2018; Mortenson and Whitten 2018). This is especially true if the increases in marginal tax rates

are salient to consumers. Evidence shows that consumers respond better to salient prices, but it

is often very di�cult for households to know the price they are paying under complex nonlinear

pricing schedules (Chetty, Looney, and Kroft 2009; Finkelstein 2009; Jessoe and Rapson 2014).

Price salience can either help or hinder these policies in meeting their goals. More research on

consumer price response is needed to evaluate the e�cacy of policy outcomes where nonlinear

pricing schedules are the driving mechanism.
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6 Figures and Tables

6.1 Figures

Figure 1: PG&E IBP Schedule, June 2009

Note: This graph shows the IBP schedule for PG&E customers living in Zone T in June 2009. The solid line
shows a five-tier IBP with prices ranging from 11 to 44 cents per kWh. The dashed line shows the average
prices generated by the IBP schedule. Source: https://www.pge.com/tariffs/electric.shtml (accessed
September 15, 2017).

Figure 2: SDG&E Historic Tari↵s

Note: This graph shows the IBP tiers over time for SDG&E customers. Tiers 1 and 2 are roughly constant
over time. Tiers 3 through 5 are increasing, on average, over time. Source: I generated this graph using data
from https://www.sdge.com/rates-regulations/historical-tariffs (accessed September 15, 2017).
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Figure 3: PG&E Historic Tari↵s

Note: This graph shows the IBP tiers over time for PG&E customers. Tiers 1 and 2 are roughly constant
over time. Tiers 3 through 5 are increasing, on average, over time. Source: I generated this graph using data
from https://www.pge.com/tariffs/electric.shtml (accessed September 15, 2017).

Figure 4: SDG&E Climate Zones

Note: This map represents the four di↵erent climate zones in SDG&E’s service territory. On aver-
age, prices decrease as the zones move farther inland. Source: https://www.sdge.com/images/3335/
climate-zones-map (accessed September 15, 2017).
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Figure 5: PG&E Climate Zones

Note: This map shows the 10 di↵erent climate zones in PG&E’s service territory. Source: http:
//pgeandsolar.com/climate-zones-map.html (accessed November, 1 2017).

Figure 6: SDG&E Historic Baseline Allocation by Climate Zone

Note: This figure shows changes in baseline allocation between climate zones over time in SDG&E’s service
territory. Source: https://www.sdge.com/rates-regulations/historical-tariffs (accessed September
15, 2017).
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Figure 7: PG&E Historic Baseline Allocation by Climate Zone

Note: This figure shows changes in baseline allocation among climate zones over time in PG&E’s service
territory. Source: https://www.pge.com/tariffs/electric.shtml (accessed September 15, 2017).

Figure 8: Prices for PG&E Climate Zones T and X in 2009

Note: This figure shows the di↵erence in IBP schedules in two of PG&E’s biggest climate zones. The solid
step function is the IBP for Zone T, and the dashed step function is the IBP for Zone X. The dashed blue and
green lines represent the average prices in Zone T and Zone X, respectively. Prices in Zone X are lower, on
average, than in Zone T because of the bigger baseline allocation. Source: https://www.pge.com/tariffs/
electric.shtml (accessed September 15, 2017).
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Figure 9: PG&E Zone T, June 2009

Note: This figure shows the IBP and average price households living in PG&E’s Zone T paid for their
electricity consumption in June 2009. The solid density represents the distribution of electricity use under
that pricing schedule. The flat dashed line is the revenue-neutral price that I calculated using equation (4).
The dashed distribution represents electricity use that I calculated under that flat price using equation (5).
Sources: https://www.pge.com/tariffs/electric.shtml (accessed September 15, 2017); RASS (2009).

Figure 10: Distribution of Consumption by Income Group

Note: This figure shows four di↵erent distributions of electricity use by income group. As income increases,
the mass of the distribution shifts to the right, but all distributions are overlapping. Source: RASS (2003,
2009).
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Figure 11: Welfare Change from Flat to IBP
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Note: This graph represents the change in consumer surplus when switching from a flat price to an IBP
schedule. This is a stylized example with a two-tier IBP.

Figure 12: Welfare Change from Social Marginal Cost to Flat to IBP
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Note: This graph represents the change in welfare when switching from a socially optimal flat price of 10
cents per kWh to a flat price that raises the same revenue as the existing IBP, and then to the existing IBP.
This is a stylized example with a two-tier IBP.
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6.2 Tables

Table 1: Average IBP Schedule

Price Schedules

2003 2009

Tier 1 ($ per kWh) 0.11 0.11

(0.01) (0.01)

Tier 2 0.13 0.13

(0.02) (0.02)

Tier 3 0.17 0.23

(0.03) (0.06)

Tier 4 0.20 0.29

(0.04) (0.09)

Tier 5 0.21 0.32

(0.05) (0.11)

Monthly Bill 79.52 102.82

(61.10) (91.94)

Note: Standard deviations in parentheses. Each column represents the average electricity prices over each
year between SDG&E and PG&E. The standard deviations show that there is more variation in electricity
prices for Tiers 2–5 than Tiers 1 and 2. The variation in electricity prices is also larger in 2009 than
in 2003. The monthly bill represents the average electricity bill of the households in the RASS. Sources:
https://www.sdge.com/rates-regulations/historical-tariffs and https://www.pge.com/tariffs/
electric.shtml (accessed September 15, 2017); RASS (2003, 2009).
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Table 2: RASS Summary Statistics

RASS

2003 2009

kWh per Month 581.97 617.59

s.d. 338.93 357.18

Household Income (1000s in 2010$) 98.46 92.01

65.65 60.17

# Bedrooms 3.22 3.28

0.88 0.88

# in Household 2.79 2.73

1.45 1.43

Year Constructed 1968.46 1970.54

20.25 21.12

Sq Ft. (1000s) 1.85 1.91

0.80 0.82

Household Head Graduated College 0.58 0.60

0.49 0.49

Disabled Resident 0.09 0.11

0.29 0.32

Own Home 0.92 0.92

0.27 0.26

Remodeled Home 0.17 0.15

0.37 0.36

Natural Gas Access 15.95 14.89

34.85 33.56

House Has Electric Heat 0.05 0.02

0.23 0.15

House Has Central Air 0.48 0.54

0.54 0.54

# of Refrigerators 1.29 1.35

0.50 0.54

Age of Refrigerators 7.42 7.46

5.40 5.26

# of TVs 2.07 2.51

0.98 1.37

# of Households 5,958 5,664

Note: Standard deviations in parentheses. Each column represents the average of the 5,958 households in
the RASS in 2003 and the 5,787 households in 2009. Source: RASS (2003, 2009).
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Table 3: Biased First-Di↵erence Results

Income Group Elasticity (Avg. Price) Elasticity (Marg. Price) N

Full Sample 1.648* 0.682* 36,680

(0.0305) (0.0164)

$0–$49,999 2.136* 0.809* 10,839

(0.0813) (0.0359)

$50,000–$74,999 1.690* 0.653* 8,000

(0.0678) (0.0309)

$75,000–$149,999 1.559* 0.637* 12,729

(0.0448) (0.0249)

>$150,000 1.527* 0.724* 5,112

(0.0692) (0.0482)

Note: Standard errors in parentheses are clustered at the household level to adjust for serial correlation in
electricity consumption. Omitted covariates for the regression on average price can be seen in Table B.1 and
for marginal price in Table B.2.
*p < 0.05

Table 4: Geographic Sample: First-Stage Results

Income Group Avg. Price F-Stat. Marg. Price # F-Stat. # Households # Obs.

Full Sample 0.842* 0.618* 5,373 27,144

(0.0185) (0.0171)

$0–$49,999 0.787* 0.595* 1,542 7,801

(0.0565) (0.0390)

$50,000–$74,999 0.830* 58.29 0.600* 76.36 1,155 5,913

(0.0410) (0.0379)

$75,000–$149,999 0.860* 119.9 0.604* 131.0 1,909 9,695

(0.0284) (0.0257)

>$150,000 0.791* 85.27 0.645* 102.7 767 3,735

(0.0419) (0.0465)

Note: Standard errors in parentheses are clustered at the household level to adjust for serial correlation
in electricity consumption. This table reports the regression coe�cients from the first-stage regression of
the log-di↵erence in price on the simulated instrument. The coe�cients show the correlation between the
simulated instrument and household’s change in price over time. All regressions control for weather and a
dummy for the decile of electricity consumption.
*p < 0.05
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Table 5: Geographic Sample: Price Elasticities of Demand

Income Group Elasticity (Avg. Price) Elasticity (Marg. Price) N

Full Sample −0.163* −0.143* 27,144

(0.0529) (0.0367)

$0–$49,999 −0.100 −0.107 7,801

(0.192) (0.0879)

$50,000–$74,999 −0.132 −0.0906 5,913

(0.119) (0.0747)

$75,000–$149,999 −0.165* −0.164* 9,695

(0.0763) (0.0580)

>$150,000 −0.427* −0.362* 3,735

(0.135) (0.113)

Note: Standard errors in parentheses are clustered at the household level to adjust for serial correlation in
electricity consumption. This table reports the two-stage least squares (2SLS) results for households living
within 10 km of a climate border using the simulated instrument based on kWhi0. All regressions control for
weather, a dummy for the decile of electricity consumption, and border fixed e↵ects. Omitted covariates for
the regression on average price can be seen in Appendix Table B.13 and for marginal price in Appendix Table
B.14. Robustness checks for 5 km and 20 km can be seen in Appendix Tables B.15 and B.16, respectively.
*p < 0.05
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Table 6: Geographic Sample: Percentage Change in Aggregate Consumption

Percentage Change in Consumption by Year and Climate Zone

2003 2009

PG&E Average Marginal Average Marginal

R −0.05% −3.05% 0.57% −3.65%

S 0.08% −3.27% 0.66% −4.59%

T 0.13% −3.75% 1.30% −4.92%

X 0.07% −4.11% 1.35% −5.41%

SDG&E

Coastal −0.31% −2.45% 0.25% −5.17%

Mountain 0.09% −1.33% 0.24% −4.62%

Desert 0.56% −1.26% 0.26% −3.41%

Inland −0.15% −2.03% 0.40% −4.54%

Weighted Average 0.01% −3.43% 0.82% −4.91%

Note: This table reports the total changes in electricity use for moving from a revenue-neutral flat price
with CARE rates to the existing IBPs. Positive numbers indicate IBPs increase electricity use relative to a
flat price, and negative numbers indicate that IBPs decrease electricity use. The average is weighted by the
number of household-month observations in the RASS. See Appendix Table B.37 for a range of estimates
using the 95% confidence interval of the point estimates from Table 5.

Table 7: Distribution of Monthly Electricity Use Under IBPs and Flat Prices

2003 2009

Percentile IBP Flat IBP Flat

Mean 582 582 618 613

25th Percentile 341 332 357 330

50th Percentile 503 493 543 522

75th Percentile 739 738 798 799

90th Percentile 1043 1061 1111 1148

N 101,967 101,967 87,993 87,993

Note: This table reports the change in the distribution of monthly electricity use from flat prices to IBPs.
The monthly electricity use in this table assumes that households respond to average prices and that the flat
rate includes a separate CARE price for low-income households. This table uses the same counterfactual
flat prices as Table 6.
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Table 8: Percentage Change in Price from Flat to IBP Schedule

Median Percentage Change in Price

Year

Income 2003 2009

Full Sample −6.69% −13.25%

12.41% 21.33%

$0–$49,999 −5.03% −5.65%

9.52% 16.05%

$50,000–$74,999 −10.12% −21.82%

12.19% 20.80%

$75,000–$149,999 −7.58% −16.40%

12.76% 22.30%

>$150,000 −3.18% −7.40%

16.45% 26.18%

N 101,967 87,993

Note: Standard deviations in parentheses. This table reports the median percentage change in average
electricity prices for a change from the flat price with CARE rates to an IBP weighted by the number of
household-month observations in each income category in the RASS.

Table 9: Aggregate Changes Using Other Price Elasticities

Brolinson Reiss and White (2005) Ito (2014)

Year Average Marginal Average Marginal Average Marginal

2003 0.01% −3.43% 1.05% −6.27% 0.19% −1.53%

2009 0.82% −4.91% 3.06% −7.91% 0.58% −2.03%

Weighted Average 0.38% −4.12% 1.98% −7.03% 0.37% −1.76%

Note: This table reports the percentage changes in average electricity use under three di↵erent sets of
elasticity estimates. The averages are weighted by the number of household-month observations in the
RASS. Note that Reiss and White (2005) estimate price elasticities only assuming that households respond
to average price, which I apply universally under both sets of calculations. Similarly, Ito (2014) estimates
price elasticities only assuming that households respond to average price.
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Table 10: Descriptive Statistics by Income Group

Income Group

Variable Name $0–$49,999 $50,000–$74,999 $75,000–$149,999 >$150,000

kWh per Month 514.38 574.55 631.91 743.04

315.33 326.89 337.05 410.09

kWh per Month per Sq. Ft. 0.37 0.36 0.34 0.30

0.26 0.22 0.19 0.17

Cooling Degree Days 438.24 404.88 388.35 354.79

665.45 608.63 567.33 503.02

Heating Degree Days 1117.64 1100.64 1078.52 1072.49

996.82 963.20 941.98 910.21

# in Household 2.49 2.75 2.92 3.07

1.58 1.47 1.31 1.31

Year Constructed 1965.16 1969.71 1971.82 1973.73

20.14 19.69 20.54 22.60

Sq. Ft. (1000s) 1.55 1.74 1.98 2.64

0.63 0.64 0.73 1.10

Household Head Graduated College 0.32 0.55 0.74 0.88

0.47 0.50 0.44 0.33

Age of Heater 16.12 14.90 13.58 12.06

11.46 11.06 10.45 9.47

Avg. Heating Temp. 65.09 64.80 64.45 64.88

6.96 6.55 6.62 5.50

House Has AC 0.45 0.49 0.52 0.56

0.50 0.50 0.50 0.50

Age of AC 11.12 10.47 10.13 9.43

8.58 8.35 7.99 7.53

Avg. Cooling Temp. 74.81 75.49 75.64 75.30

4.35 4.13 4.06 3.78

Refrigerator Age 7.92 7.68 7.05 6.73

5.53 5.40 5.19 5.05

# of TVs 2.09 2.25 2.41 2.50

1.22 1.17 1.19 1.24

Note: Standard deviations in parentheses. Each column represents the average weighted by the number of
households in each income group. Source: RASS (2003, 2009).
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Table 11: Changes in Electricity Bills in $ with a Flat CARE Rate

Income Med. Bill (IBP) Med. Bill (Flat CARE) Change Percentage N

$0–$49,999 46.14 52.39 6.25 11.94% 59,831

$50,000–$74,999 64.56 75.84 11.28 14.87% 40,015

$75,000–$149,999 78.28 87.70 9.42 10.74% 63,343

>$150,000 101.83 105.03 3.20 3.05% 26,771

Note: This table presents the changes in electricity bills by income when switching from flat to block prices
where the flat price includes a reduced CARE rate. A positive number for “Change” indicates that a
household’s electricity bills increase under a flat price. Each row is the median weighted by the number of
household-month observations in that income category.

Table 12: Changes in Electricity Bills in $

Income Med. Bill (IBP) Med. Bill (Flat) Change Percentage N

$0–$49,999 46.14 62.10 15.96 25.70% 59,831

$50,000–$74,999 64.56 72.80 8.24 11.32% 40,015

$75,000–$149,999 78.28 83.91 5.63 6.71% 63,343

>$150,000 101.83 101.87 0.04 0.04% 26,771

Note: This table presents the changes in electricity bills by income when switching from flat to block prices
assuming households respond to average price. A positive number for “Change” indicates that a household’s
electricity bills increase under a flat price relative to the existing IBP. Each row is weighted by the number
of household-month observations in that income category.

Table 13: Changes in Consumer Surplus from Flat Prices with CARE to Block by Income

Income Med. Bill (IBP) Med. Change in CS ($) Percentage N

$0–$49,999 46.14 1.22 2.64% 39,540

$50,000–$74,999 64.56 4.83 7.48% 60,446

$75,000–$149,999 78.28 3.25 4.15% 63,343

>$150,000 101.83 −2.02 −1.98% 26,771

Note: This table presents the changes in consumer surplus (CS) by income when switching from flat prices
with a CARE rate to an IBP with a CARE rate. A positive number for “Change” indicates that a household’s
surplus increases under a flat price. Each row is weighted by the number of household-month observations
in that income category.
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Table 14: Changes in Consumer Surplus from Flat to Block by Income

Income Med. Bill (IBP) Med. Change in CS ($) Percentage N

$0–$49,999 46.14 10.99 23.82% 59,971

$50,000–$74,999 64.56 2.72 4.21% 40,015

$75,000–$149,999 78.28 0.93 1.18% 63,343

>$150,000 101.83 −6.58 −6.46% 26,771

Note: This table presents the changes in consumer surplus (CS) by income when switching from flat to block
prices. A positive number for “Change” indicates that a household’s surplus increases under a flat price.
Each row is weighted by the number of household-month observations in that income category.
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